The majority of the extant literature on inmate victimization considers only one level of analysis, thus ignoring the interaction effects between inmate-and prison-level variables. To extend this literature, multilevel modeling techniques were used to analyze self-report data from more than 1,000 inmates and 30 prisons in Kentucky, Tennessee, and Ohio. Results revealed that demographic variables were strong predictors of physical victimization (i.e., race and assaultive behavior). Also, security level had a contextual direct effect on physical victimization. Property victimization was best explained with an integrated model including inmate (i.e., race, assaultive behavior, prior education, prior employment, and time served), contextual (i.e., security level and proportion non-White), and micro-macro interaction variables (i.e., Race × Security Level). Policy implications and suggestions for future research are discussed.
T he general public often ignores the personal welfare and safety of prison inmates. After all, prisons were built to separate the violent and the criminal from the rest of the citizenry. Given the nature of prisons and the persons housed in them, some suggest that "prisoners are surrounded with possibilities for personal victimization" (Bowker, 1980, p. 19) . Recent reports from state and federal prisons indicate that more than 34,000 inmate-on-inmate assaults took place from 1995 to 2000 (Stephan & Karberg, 2003) . Even though fewer of these incidents (82 in 1995 to 51 in 2000) resulted in death or serious injury, this was a 32% increase in assaults over that 5-year time span (Mumola, 2005; Stephan & Karberg, 2003; Useem & Piehl, 2006) . Despite this, prison victimization remains a much understudied phenomenon. Whereas the majority of prison violence research focuses on the perpetrators of assault, very little centers on identifying the predictors of victimization risk. Of the research that does focus on inmate victimization risk, mostly microlevel (also called Level 1 or inmate-level) predictors of victimization such as age, race, criminal history, and so on, have been considered. On the other hand, the impact of macrolevel (also called Level 2, contextual, or prison-level) characteristics such as security level, population size, and so on, has largely been ignored. Also, little to no research has examined the possible interaction effects between inmate-level and prison contextual variables on victimization. Thus, the present study sought to build on past research by using multilevel models to examine the effects of micro (i.e., inmate-level or Level 1), macro (i.e., prison-level, contextual, or Level 2), and micro-macro interaction variables (i.e., Inmate × Prison ) on physical and property victimization during incarceration. Multilevel modeling was used because it takes into account the nested nature of inmates in prisons, rather than ignoring context as traditional statistical techniques do. Implementing this methodological technique added to the less-than-comprehensive understanding of inmate victimization that currently exists.
The present study is needed because prison contexts have changed dramatically over the past decade. Specifically, education and recreational programs have been drastically cut in several states. Also, the percentage of inmates participating in prison education programs has dropped from 31% in 1991 to below 25% now (Roberts, 2005) . High-security and supermax facilities, with their extreme, isolated conditions, are growing in number across the United States (298 in 1995 States (298 in vs. 332 in 2000 Stephan & Karberg, 2003) . Also, crowded conditions continue to plague both state and federal facilities. Both systems were over 100% capacity from 1995 to 2000 (101% and 134%, respectively; Stephan & Karberg, 2003) . All of these changes leave inmates to coexist in extreme environments with excessive amounts of idle time and fewer outlets for their frustrations. These rapidly changing contexts create a situation of potentially more violence and subsequent victimization.
Literature Review Microlevel Studies
Microlevel, or inmate-level, studies focus on the relationship between inmate characteristics (i.e., age, race, criminal history, etc.) and victimization. Past research indicates that younger inmates are more likely than their older counterparts to experience all types of victimization (Cooley, 1993; Maitland & Sluder, 1998; Porporino, Doherty, & Sawatsky 1987; Woolredge, 1998; Wright, 1991) . Some recent research with older male prisoners (age 50 and older) shows that property victimization is much higher than physical victimization among this subgroup (Kerbs & Jolley, 2007) . Older inmates reported being cheated out of money (30%) and having things stolen from their cells by other inmates (28%); whereas 11% reported being punched, kicked, pushed, or attacked without a weapon (Kerbs & Jolley, 2007) . This victimization caused some older inmates to demand separate housing from the general population.
Besides age, inmate race was also shown to influence victimization. Although somewhat outdated, Bowker (1980) and Fuller and Orsagh (1977) discovered that White inmates had higher victimization rates than non-White inmates. Similarly, Maitland and Sluder (1998) found that White inmates, when compared to non-White inmates, were more likely to be victims of physical injury and property extortion. Still other studies found that race was not a significant predictor of either physical or property victimization (Cooley, 1993; Wolff, Blitz, Shi, Siegel, & Bachman, 2007; Woolredge, 1998) .
Other demographic variables, such as time served, prior education, income, criminal history, and assaultive behavior, also influenced inmate victimization risk. Specifically, Cooley (1993) found that inmates in Canadian prisons were more likely to suffer physical victimization in the earlier part of their sentences. Maitland and Sluder (1998) discovered that inmates with less education were more likely to suffer property victimization. In opposition, Woolredge (1998) showed that more education before incarceration resulted in greater theft victimization. Regarding criminal history, Maitland and Sluder, as well as Woolredge, showed that more prior incarcerations and a greater number of felony convictions were positively associated with victimization by theft. In opposition, Wright (1991) revealed that the victimized inmates in his sample were less likely to have criminal pasts and less institutional experience. Also, inmates with higher gross incomes prior to incarceration were more likely to be victims of physical assault (Woolredge, 1998) . Lastly, Fuller and Orsagh (1977) found that one of the main precipitating factors of victimization was prior inmate assaultive behavior. Specifically, inmates who committed assaults were more likely to become victims themselves, as opposed to inmates who had not engaged in prior assaultive behavior (Edgar & O'Donnell, 1998; Fuller & Orsagh, 1977) . On the contrary, Wright suggested that the inmate victims in his sample were less likely to be assaulters. He described victims as "lambs" in the prison population, as opposed to an inmate who provoked his own victimization.
Macrolevel Studies
Although informative, microlevel studies of victimization ignore the potential importance of contextual or prison-level variables (i.e. security level, population, number of staff, etc.) on inmate victimization. Of the studies that did consider context, inmate population emerged as a significant predictor of inmate victimization. A study by Wolff et al. (2007) of 14 mid-Atlantic state prisons found that physical victimization varied across prison context. Specifically, large facilities (i.e., those with more than 1,900 inmates) had lower rates of inmate-on-inmate physical victimization, whereas small facilities (i.e., those with fewer than 1,100 inmates) had higher rates of Lahm / Physical and Property Victimization 3 inmate-on-inmate violence. In addition, physical victimization incidents in larger facilities were more likely to involve the use of weapons. More than 50% of male inmates reported carrying weapons for protection all of the time (Wolff et al., 2007) . Besides institutional population, security level was also found to affect inmate victimization. Victimization rates tended to be higher in more secure settings, that is, in maximum-security prisons (Cooley, 1993; Gaes & McGuire, 1985) . Increasing the number of correctional staff members was found to decrease victimization (Fuller & Orsagh, 1977) . From the prison assault literature, other variables shown to increase inmate-on-inmate assault rates, and thus increase prison victimization rates, were a larger number of inmates younger than 21, a greater percentage of inmates with no visitors and with parole more than a year away, increased crowding, a larger ratio of correctional staff to inmate, and a greater White-Black guard-to-inmate ratio (Ellis, Grasmick, & Gillman, 1974; Gaes & McGuire, 1985; McCorkle, Miethe, & Drass, 1995) . Contextual variables that had a negative effect on inmate-on-inmate assault rates, and thus decreased inmate victimization rates, were an increase in the number of activities available, a greater number of inmates involved in programs, and a greater percentage of non-White inmates (Gaes & McGuire, 1985; McCorkle et al., 1995) .
In sum, there is a significant lack of research regarding the contextual effects of prisons on inmate victimization. The predictors of prison-level assault rates have been examined more extensively than the causes of increased victimization rates. Not only has context been generally ignored by past researchers, but studies that do include contextual variables include very few prison-level variables. The present study is needed to fill the gap in this literature and to explore the possible effects of other prison-level variables. Woolredge (1998) performed one of the only multilevel, or micro-macro, studies of prison victimization to date. In terms of physical victimization, age was negatively and prior income was positively related to physical victimization. For property victimization, only prior education proved to be a positive predictor. All other demographic variables, when entered into the full contextual model, were not significant. Interestingly, the prison-level/contextual variables had no direct, main effects on either type of victimization. However, there were significant interaction effects. Specifically, White inmates, more educated inmates, and property offenders suffered more violent victimization in high, close, linear prisons. Income and assault victimization had a stronger relationship in medium-security facilities. Moreover, nonWhite inmates at medium-security prisons were more often victims of theft. Also, education had the strongest negative effect on theft victimization in linear prisons.
Multilevel Studies
It is important to note that Woolredge (1998) examined only three prisons and a few contextual variables (i.e., linear vs. podular design and security level). The present study expanded on previous work by including more contextual units and contextual variables.
Method Data
Information on inmates (i.e., microlevel, or Level 1, data) came from surveys that were administered to approximately 1,054 inmates in 30 prisons across three states (Kentucky = 11 prisons, Tennessee = 8 prisons, and Ohio = 11 prisons). Self-report data collection was chosen because the use of official prison records has been shown to be problematic (Reisig, 1998) . For example, the personal discretion of correctional officials can play a part in underreporting and/or overreporting violence and the victimization of inmates. Thus, official data may capture only the inmates who are actually caught or targeted by correctional personnel. Also, reporting of official data may also vary across jurisdictions. Self-report data, too, have some limitations, as some inmates may exaggerate or not remember the actual number of victimizations.
To increase reliability and validity, inmates were asked to comment and make changes to wording, question order, and so forth, on early versions of the survey. The first respondents actually served as pseudo focus groups to help clarify any survey issues. In addition, the researchers were present during every survey administration in case the respondents had questions or needed clarification. On some occasions, inmates with reading difficulties were read the questions by the researchers. All questions were kept short and concise and were written for a lower (i.e., eighthgrade) level of education so as not to create confusion and thus produce missing information. To further ensure reliability and validity, during the survey administration inmates were kept from talking to one another, correctional staff was asked not to speak to inmates or ask about the survey questions, and surveys were administered in a separate area in the prison compound (i.e., dayroom, schoolroom, etc.).
Besides self-administered questionnaires, prison-level (Level 2) data came from each state's Department of Corrections or from prison officials during survey administration. All sources of macrolevel data were compared with each other to ensure the reliability and validity of the values. All data were collected in 2001.
1

Sampling
At the macro-, or contextual, level (i.e., Level 2), Kentucky volunteered 11 of its men's prisons, and Ohio and Tennessee provided 11 and 8 prisons, respectively, to be included in the research. In Kentucky and Tennessee, the Department of Corrections generated a list of inmates who had resided at each facility for at least 6 months. The size of the sampling frames, for each prison in each state, varied anywhere from 33 to more than 2,000 inmates. From these lists, inmates were randomly (via systematic random sampling) selected, up to a total of 400 inmates per prison, or whatever was available, for inclusion in the final sample. For example, Prison X had a sampling frame or list of 2,000 inmates, and 400 were needed from that prison. A sampling interval of k(2,000/400) was calculated to be 5; thus, every 5th inmate Lahm / Physical and Property Victimization 5 was selected from the sampling frame to be contacted and included in the final sample. Inmates were then sent recruitment letters and told about the study and the time and place of survey administration. Their participation was voluntary. In Ohio, inmate lists were not able to be generated; thus, inmates were recruited via sign-up sheets placed in the dorms and dayrooms of the prisons. The final sample of inmates was 366 from Ohio, 300 from Tennessee, and 388 from Kentucky.
Measures of Variables
The key dependent variables for this project were inmate-level physical and property victimization. Specifically, each inmate was asked to report if another inmate, while at that facility in the past 12 months, had physically (not sexually) assaulted him. Also, inmates were asked if they had had their property taken, damaged, or destroyed in the past year. The response categories for both dependent variables formed dichotomous dummy variables, with 0 (no) and 1 (yes). Table 1 reveals that 13% of the sample inmates experienced physical victimization, whereas 25% experienced property victimization.
Microlevel Variables
The other individual-level explanatory variables consisted of demographic measures. All of these variables were used in prior research as predictors of victimization. Age was measured as a continuous variable in years. As Table 1 indicates, the average age of inmates in the sample was 35.89. Race was measured as a dichotomous dummy variable (0 = White, 1 = non-White). According to Table 1 , 44% of the sample inmates were non-White. Current marital status was measured with a nominallevel dummy variable (0 = not married, 1 = married). Some 17% of the sample inmates were married. Prior work involvement was also measured with a dichotomous dummy variable (0 = no full-time work, 1 = full-time work), and results showed that 63% of the sample inmates were working full-time prior to their current incarceration. Prior education was measured as a continuous variable, with inmates in the sample averaging 12.0 years of education prior to incarceration, with a range of 3 to 26 years. An inmate's criminal history was measured by asking how many times he was incarcerated as an adult. The average number of prior adult incarcerations was 2, with a high of 40 prior incarcerations. Current violent offense was measured by asking inmates if they were currently serving time for a violent offense (0 = no, 1 = yes). Table 1 shows that 67% of the sample inmates were current violent offenders. In comparison, 44% of the 1.3 million state prisoners across the United States in 2001 were serving time for violent offenses, whereas 18% were serving time for drug offenses, 19% for property offenses, and the remainder were other offenses (Beck & Harrison, 2002) . Thus, the data for the present study showed that violent offenders were overrepresented in the sample (i.e., some 67%) when compared to violent offenders nationally. Of the violent offenders in the sample, most were serving time for robbery (more than 50%). Sentence length and time served were both measured as continuous variables. Table 1 shows that that the average sentence length for the sample was about 23 years, and average time served was 7 years. Again, the overrepresentation of violent inmates in this sample accounts for the increased sentence length and time served. For example, in this study, the average time served (8.61 years) and sentence length (27.78 years) for current violent offenders were much higher than that of property (5.86 and 15.16), drug (4.23 and 12.04), and other (5.68 and 14.58) offenders. Overall, it is sufficient to say that the sample overrepresents violent inmates even though all attempts were made to get a random sample. As is often the case, prison sampling is limited to those inmates who are available or allowed to participate on the day of data collection. Thus, the sample is generalizable only to the inmates under study.
The final prisoner-level variables were gang involvement and assaultive behavior. Both were measured with dummy variables (0 = no, 1 = yes). Table 1 indicates that 5% of the sample inmates reported being involved with gang activity while incarcerated and 18% admitted to engaging in an assaultive behavior against another prisoner and/or prison staff member in the past year.
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Macrolevel Variables
Security level was measured with a dummy variable (0 = nonmaximum, 1 = maximum). As Table 1 indicates, on average 13% of the prisons in the sample were maximum-security institutions. Crowding was measured by dividing the average daily population by the institution's operational capacity. According to Table 1 , the mean crowding ratio of 1.00 indicates that the prisons in the sample were at capacity. Interestingly, the range of crowding varied from 0.83 to 1.39, indicating the potential for some contextual effects of crowding.
The population of each institution was also examined. As Table 1 shows, the average population across these institutions was 1,270 inmates. Institutional populations ranged from 190 to more than 2,200. Also measured was the ratio of custodial staff to inmate. This variable was ascertained by dividing the total number of correctional (custodial) staff only by the inmate population. Table 1 shows that the mean ratio of custodial staff to inmate across prisons was around 0.22, which is similar to saying that for every 5 inmates there is 1 custodial staff member. In addition, the combined number of vocational and educational programs had an average across prisons of 8.10.
The final two contextual variables were proportion non-White and proportion of inmates younger than 25. Table 1 indicates that, on average across prisons, the proportion of non-White inmates was .43 (43%), with a range from 8% to 57%. Also, on average across prisons, the proportion of inmates younger than 25 was .18 (18%), with a range of 6% to 51%. These wide ranges indicate quite variable contexts from prison to prison in regards to these variables.
Interaction Terms
Through the use of hierarchical logistic modeling techniques, this research examined the possible interaction effects between prisoner-and prison-level variables. This research builds on the work of Woolredge (1998) , developing a more integrated multilevel explanation of prison victimization using both inmate-and prison-level variables alone and as interaction terms. Previous single-level analyses often ignored the importance of prison context on inmate behavior. Moreover, single-level analyses fail to account for the nested nature of individuals within certain contexts. Through the use of multilevel analysis, this research was able to examine the unique direct effect of inmate-level, or Level-1 or microlevel, variables (i.e., age, race, etc.) and prison-level, or Level-2 or macrolevel, variables (i.e., security level, population, etc.) on inmate victimization, as well as account for the possible interaction between inmate-and prisonlevel variables (i.e., race and security level or age and population). Essentially, the type of modeling presented in this research examines the change in individual-level relationships (i.e., age and victimization or race and victimization) across different prison contexts. That is, does the relationship between race and victimization or between age and victimization increase or decrease in strength across different prison contexts? All in all, multilevel analysis provided a way to explain inmate behavior by integrating multiple levels of variables (i.e., inmate, prison, and interaction terms) into one model without encountering the statistical pitfalls of single-level analysis.
Analysis and Results
Physical Victimization
The first step of the hierarchical logistic regression analysis was to examine whether victimization varied across prison context. Results showed that the variance component for prison mean victimization risk was significant across prison context for both types of victimization (see Table 2 ). Thus, the use of multilevel modeling was justified.
Next, all of the regression coefficients for the effects of the inmate-or microlevel explanatory variables on physical victimization (β kj ) were allowed to vary across prisons. The Level 1 (inmate or micro) and Level 2 (contextual or macro or prison) models were specified as follows:
Level 1: logit (Physical Victimization) = β 0j + β 1j (Age) ij + β 2j (Race) ij + β 3j (Marital Status) ij + β 4j (Work/Employment ) ij + β 5j (Education ) ij + β 6j (Violent Offense) ij + β 7j (Priors) ij + β 8j (Time Served) ij + β 9j (Sentence Length) ij + β 10j (Gang Affiliation) ij + β 11j (Assaultive Behavior) ij + e ij
Level 2:
For physical victimization, none of the prisoner-level variables varied across prison contexts; thus, they were specified as fixed. The Level 2 model was changed as follows:
Level 2: β 0j = θ 00 + U 0j; β kj = θ k0 for k = 1 -11.
(3) Table 3 shows the results from the random coefficient regression model (combining Equations 1 and 3) for physical victimization. As in Table 2 , the random effects portion of Table 3 reveals that the mean physical victimization risk varied substantially across prisons; its variance component was still significant. Also, there was an approximate 5% [1 -(.533/.560) × 100] reduction in the Level 2 (i.e., prison) variance component for the constant when comparing its value in Table 2 (null model) versus Table  3 . Although significant variation remains, microlevel, or inmate, characteristics alone account for a portion of cross-prison variation in physical victimization.
Because all of the individual-level, or inmate-level, variables were fixed across prisons, there were no variance components generated for them in the random effects portion of Table 3 . Rather, the main effects of the individual-level, or inmate-level, Lahm / Physical and Property Victimization 9 explanatory variables can be seen in the fixed effects panel of Table 3 , and these effects can be presumed to be constant across prisons. Only race and assaultive behavior were significant. Specifically, the log odds of a non-White inmate being a victim of a physical assault were 48% ([1 -Exp. B] × 100) lower than that of Whites. In addition, the log odds of an inmate being physically victimized were more than 200% greater for inmates who had previously engaged in assaultive behavior versus those who did not. The final step was to add in prison-level, or macrolevel or contextual, variables to try to account for the variation in mean physical victimization across prisons. 2 The following prison-level specification was combined with that of Equation 1 at the individual level. The Level 2, or contextual, models were specified as β 0j = θ 00 + θ 01 (Security Level ) + θ 02 (Programs) + θ 03 (Population) + θ 04 (Proportion Non-White) + θ 05 (Proportion Younger Than 25) + θ 06 (Staff-to-Inmate Ratio) + θ 07 (Crowding) + U 0j; β kj = θ k0 for k = 1 -11.
(4) Table 4 reveals the full contextual model for physical victimization. First, the random effects panel shows a slight reduction in the variance component associated with mean physical victimization risk from Table 3 to Table 4 (.533 to .500). The significant variance component implies that the contextual variables did not fully account for all the variation in mean physical victimization risk. Moreover, the significance of the Level 1 extra binomial error suggests that there is still individual-level variation remaining in physical victimization risk. The fixed effects panel of Table 4 shows that security level had a significant direct effect on physical victimization. Inmates in maximum-security facilities were 68% less likely to experience physical victimization than their counterparts. At the microlevel, race and assaultive behavior still remained significant even once all contextual variables were entered.
Property Victimization
Following similar procedures, results for property victimization indicated that the effect of race on victimization did vary across prisons; thus, it was specified as random while the other prisoner-level variables remained fixed. Thus, the Level 2 model (see Equation 2) was changed as follows:
Level 2: β 0j = θ 00 + U 0j; β 2j (Race) = θ 20 + U 2j ; β kj = θ k0 for k = 1, 3 -11.
( 5) The t ratios of the fixed effects coefficients in Table 5 indicate that the intercept and coefficients for race, employment, education, assaultive behavior, current violent offense, and time served were statistically significant. The exponentiated values of the regression coefficients suggest that non-Whites are 39% less likely, full-time employed inmates are 32% less likely, current violent offenders are 33% more likely, and assaultive inmates are 90% more likely to be at risk for property victimization. Moreover, a 1-unit increase in education and time served results, respectively, in a 7% increase and 5% decrease in experiencing property victimization.
Lahm / Physical and Property Victimization 11 Prison-level variables, or contextual and interaction terms (i.e., micro-macro interactions between race and prison-level variables), were next added in to try to account for the variation across prisons in mean property victimization risk (similar to Equation 4, but also including interaction terms for race and the other contextual variables). The random effects panel of Table 6 shows that adding in prison contextual variables for property victimization is successful in further reducing variation in mean property victimization risk by 41%. Also, the variance components for mean property victimization risk and race are now nonsignificant, suggesting that contextual variables account for the significant variation in property victimization across prisons. However, the significant Level 1 extra binomial error term indicates that unexplained heterogeneity remains at the individual level.
According to the fixed effects panel of Table 6 , the contextual variables, security level and proportion non-White inmates, produced significant main effects on property victimization risk. Specifically, inmates in maximum-security facilities were 59% less likely to experience property victimization. Also, as the proportion of non-White inmates increases by 1 unit, the log odds of experiencing property victimization increased well over 100%.
In terms of interaction effects, the variable Race × Security Level was significant in the full contextual model. That is, security level exhibited a positive interaction with the Level 1 race variable. The positive interaction effect of security level indicates that the inverse relationship between race and property victimization was weakened at maximum-security facilities and made stronger (in the inverse direction) at nonmaximum security prisons. This would mean that non-White inmates would actually experience slightly more property victimization in maximum-security prisons while experiencing even less property victimization in non-maximum-security prisons (the inverse effect gets stronger in less-secure prisons). This finding seems counterintuitive, as one would think that in the most secure facilities there would be less property victimization by other inmates due to the isolated conditions of these prisons. One reason for this finding could lie in the differing qualitative conditions of the maximum-security prisons examined in this study. For example, the maximum-security facility in Ohio was extremely controlled and limited in terms of inmate movement around the compound. In opposition, the inmates in the maximum-security facility in Kentucky had much freer movement around the compound, thus possibly resulting in more opportunity for victimization and misconduct. Another possible explanation could be that in isolated maximum-security prisons, maybe the correctional personnel are responsible for taking inmate goods and property as a form of punishment, and so forth. Also, the racial makeup between correctional staff and inmates could also explain this relationship.
Moreover, at the individual-level race, prior employment, prior education, assaultive behavior, and time served still remained significant despite the presence of contextual variables. Specifically, the log odds of a non-White being a victim of property loss were 94% less than for their White counterparts. In addition, those who engaged in assaultive behavior were 90% more likely to experience property victimization. Inmates who entered prison having worked a full-time job were 34% less likely to suffer property victimization. As both education and time served increased by 1 unit, inmates were 8% more likely and 5% less likely, respectively, to be at risk for property victimization.
Discussion
Overall, the multilevel models for physical victimization revealed very few significant predictors at any level of analysis. However, property victimization did seem to be better explained with a more contextual model including prisoner, prison, and interaction variables. All in all, what emerges are distinct dynamics of victimization that need to be studied separately as specific domains. This may require prison officials to create separate classification tools for identifying an inmate's victimization risk, all of which could affect housing assignment, program placement, and so on, by making these processes more time consuming.
14 International Journal of Offender Therapy and Comparative Criminology Two demographic variables, race and assaultive behavior, remained significant in both full contextual models. In general, non-Whites are less victimized. This could be a result of racism, inmate fear, prisonization, importation of violence, and so on. Expanding this research to examine the race of the offender and victim may help clarify this complex relationship. Moreover, the finding for assaultive behavior supports the notion that prison victimization is often precipitated or a result of retaliation (see Edgar & O'Donnell, 1998) . Future work must continue to examine the robust nature of these unique predictors across more prison contexts.
Contrary to past work, age showed no significant relationship to victimization in any of the models. One reason for this may have been that the inmate sample was slightly older (i.e., mean age of 36) than the typical inmate population (i.e., around 30). Past single-level analyses have indicated that age had a strong, negative relationship to victimization in prison (see Cooley, 1993; Maitland & Sluder, 1998; Woolredge, 1998; Wright, 1991) . As a result, many older inmates feel the need to be separated from their younger counterparts. However, the lack of significance of age in the present study calls into question whether prisons should spend the extra money for constructing separate dorms, or other modifications, for older inmates if they are not at a greater risk for being victimized. Despite this, older inmates still do face special programming and quality-of-life issues that may require separate housing on prison grounds. As the prison population ages, this relationship becomes even more crucial for prison officials who will be implementing and taxpayers who will be paying for these structural changes.
Some other demographic variables emerged as sound predictors of property victimization. Specifically, the negative relationship between time served and victimization risk suggests that as inmates serve more time they may learn better ways of protecting themselves from property violations (i.e., more prisonized). The positive effect of education is similar to the findings of Woolredge (1998) . This may be attributed to the fact that these inmates enter prison as easier targets (i.e., the innocent lamb). That is, those with more education outside of prison may be from a more middle-class background, less involved in violent behavior, and thus, less likely to fight back. In general, they may be less savvy in the ways of prison life.
In terms of contextual main effects, the relationship between security level and physical victimization proved contrary to past work (Cooley, 1993; Gaes & McGuire, 1985) . Intuitively, most of society thinks that maximum-security facilities are the most violent places because they house the most violent inmates. However, the present study suggests that the isolated conditions of some maximum-security facilities do reduce physical victimization. This puts prison officials in a real conundrum. Just as the controlled conditions of maximum-security prisons reduce one form of victimization, they may increase inmate-on-staff victimization. In these facilities, staff members are the only people inmates come into contact with on a daily basis and are possibly the most likely targets of aggression. Despite this, construction of the most secure prisons (i.e., supermax) does not appear to be stopping (Stephan & Karberg, 2003) . Also significant in predicting property victimization was an increase in the proportion of non-White inmates. In the past, penologists have examined this particular variable as a macrolevel importation variable (Ellis et al., 1974; Gaes & McGuire, 1985) where certain inmates import into prison the beliefs and values they adhere to outside of prison. Thus, an increased presence of crime-or violence-prone individuals would naturally increase victimization. That argument, however, makes a huge leap of faith, suggesting that certain racial groups possess more pro-crime and pro-violence values (i.e., lower class minorities). Without adequate measures of inmates' values and beliefs toward property victimization, that theory falls by the wayside. Future work may want to focus more on inmates' attitudes and beliefs in shaping their violent behavior behind bars.
Moreover, the findings for race, both at the micro-and macrolevel of analysis, have important implications for prison management. Many states currently track the number of White and non-White inmates living in housing areas to keep the racial composition in balance or to separate those with different gang affiliations. In the future, prison officials may have to alter their housing strategies and implement different classification tools when assigning inmates to housing areas by race. Avoiding racial conflict may require separate housing facilities for specific groups of inmates, especially with regard to inmate gang affiliation. Also, some academics suggest that prison officials can help alleviate prison misconduct and violence by having a greater presence of nonWhite correctional officers (see Craig, 2004) . Increasing the minority presence of correctional personnel is thought to help alleviate social distance and strengthen social cohesion between inmates and correctional officers, thus fostering safer conditions for inmates and staff. Moreover, it is suggested that increasing the number of programs for all inmates will help with prison safety. Programs reduce idle time and can often promote healthier and safer relationships between inmates and prison staff.
A new contribution to the literature has also emerged from this research regarding the interaction between inmate-level variables and prison context, specifically race and security level. Security level "conditioned" the effect of race on property victimization. What is it about maximum-security prisons that make non-White inmates, in particular, more likely to be victims of property theft? Qualitative research may be able to better unlock this interesting relationship. Also, this finding indicates that a better way to explain property victimization is through the integration of inmate-level and prisonlevel theories of victimization. Again, classification and placement strategies will need to expand to include both micro-and macrolevel variables. Implementation of these new strategies will take both time and extra effort on the part of prison officials and staff. Shrinking state budgets may hinder this development, so prison officials will simply have to invent more creative ways to keep inmates safer.
Despite the contributions, this project does have some limitations. First, the sample institutions were in close geographic location; thus, the results are not generalizable nationwide. Second, sampling, although random at the start, was problematic. Ohio would not provide lists of inmates to serve as sampling frames; thus, a purely random selection of inmates from Ohio's prisons was not available. Also, as is typical with prison research, not all inmates were given the opportunity to participate (i.e., if they were working, sick, or in segregation); thus, not all of the possible victimization was captured.
Future research should expand and incorporate more inmates and prisons. Moreover, future studies need to include more variables in their analyses, such as inmate lifestyle variables (i.e., hours in education, jobs, etc.), inmate personality traits, prison architecture, housing design, and so forth, as they may affect victimization risk. Research must also be expanded to include women's prisons because they present a very different context to examine in terms of victimization. Recent work by Wolff et al. (2007) showed that female inmates have similar rates of inmate-on-inmate physical violence as do male inmates. This runs counter to past work on prison violence, which showed that women inmates are typically less physically violent than male inmates (Harer & Langan, 2001) . Moreover, other types of victimization, such as staff-on-inmate, sexual, economic, social, and psychological (see Bowker, 1980) , need to be examined.
The results of this study show penologists that both inmate and prison context are important predictors of inmate victimization. Explaining victimization from any one theoretical level does not provide the most accurate picture. Rather, an integrated theoretical approach combining importation, situational, and structural variables may be needed to fully explain prison victimization (see Bowker, 1980) . Prison researchers will need to continue to employ multilevel statistical techniques to analyze their victimization data because single-level analyses mask the crucial interplay between inmate and prison context.
Notes
1. Missing data were substituted with the appropriate measure of central tendency. All variables were centered on their grand means. Bivariate correlations were obtained for all levels of independent and dependent variables. None of the correlations were over .50. Also, variance inflation factors were under 4, indicating that multicollinearity was not an issue.
2. To test for the stability of Level 2 coefficients, Level 2 variables were entered into this model alone and in pairs. The coefficients for the variables indicated as significant remained stable throughout this process.
